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TRANSLATING NATURAL LANGUAGE
UTTERANCES TO KEYWORD SEARCH
QUERIES

RELATED APPLICATION

Related to U.S. patent application Ser. No. 13/106,374,
filed on May 12, 2011 and entitled “Sentence Simplification
for Spoken Language Understanding,” assigned to the
assignee of the present application, is hereby incorporated
herein by reference.

BACKGROUND

Conversational, or natural language, questions and speech
differ both stylistically and in content from commands and
queries given to computers. For example, one person may ask
a friend “Is there a good Italian place nearby?” while a search
query to a computer may be phrased “Italian restaurant
nearby.”” Conventional approaches to handling keyword
search queries depend on reviewing search engine logs to
determine which queries correlate to which selected links and
using this data to provide those same links when the same
queries occur. This approach fails to improve search results
for natural language queries, however, because of the tremen-
dous variation in conversational style between users, even
when attempting to create the same search parameters.

SUMMARY

This Summary is provided to introduce a selection of con-
cepts in a simplified form that are further described below in
the Detailed Description. This Summary is not intended to
identify key features or essential features of the claimed sub-
ject matter. Nor is this Summary intended to be used to limit
the claimed subject matter’s scope.

Natural language query translation may be provided. A
statistical model may be trained to detect domains according
to a plurality of query click log data. Upon receiving a natural
language query, the statistical model may be used to translate
the natural language query into an action, such as a search
engine query. The action may then be performed and at least
one result associated with performing the action may be pro-
vided.

Both the foregoing general description and the following
detailed description provide examples and are explanatory
only. Accordingly, the foregoing general description and the
following detailed description should not be considered to be
restrictive. Further, features or variations may be provided in
addition to those set forth herein. For example, embodiments
may be directed to various feature combinations and sub-
combinations described in the detailed description.

BRIEF DESCRIPTION OF THE DRAWINGS

The accompanying drawings, which are incorporated in
and constitute a part of this disclosure, illustrate various
embodiments of the present invention. In the drawings:

FIG. 1 is a block diagram of an operating environment;

FIG. 2 is an illustration of a query click log graph;

FIG. 3 is a flow chart of a method for providing natural
language query translation;

FIG. 4 is a block diagram of a computing device;

FIGS. 5A-5B are simplified block diagrams of a mobile
computing device with which embodiments of the present
disclosure may be practiced; and
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2

FIG. 6 is a simplified block diagram of a distributed com-
puting system in which embodiments of the present disclo-
sure may be practiced.

DETAILED DESCRIPTION

The following detailed description refers to the accompa-
nying drawings. Wherever possible, the same reference num-
bers are used in the drawings and the following description to
refer to the same or similar elements. While embodiments of
the invention may be described, modifications, adaptations,
and other implementations are possible. For example, substi-
tutions, additions, or modifications may be made to the ele-
ments illustrated in the drawings, and the methods described
herein may be modified by substituting, reordering, or adding
stages to the disclosed methods. Accordingly, the following
detailed description does not limit the invention.

Spoken language understanding (SL.U) in human/machine
spoken dialog systems is a process that aims to automatically
identify a user’s goal-driven intents for a given domain. For
example, the user’s intent may be to make a dinner reserva-
tion, with goals of: (a) locating a restaurant (b) in a particular
area (c) with available reservations and (d) for a particular
time and date. A query may be expressed in natural language,
such as “find me an Italian restaurant nearby with a table for
two,” and the SLU system may detect a top level domain as an
initial classification. In the example query above, the domain
may comprise “restaurants.”

SLU systems enable users to speak naturally to computers,
but the success and broad use of keyword search engines
imply the strength of keyword searches. Some users may
attempt to speak in keywords, hoping for better machine
understanding. SLU systems consistent with embodiments of
this disclosure may be capable of handling either style of
query that may be received from a user.

Domain detection for a query may be accomplished by
parsing the user’s query through a statistical model that uses
extracted features, such as keywords relating to a user’s
desired action or intent, to determine a statistically most-
likely domain for the query. Such domain detection models
may be trained via supervised machine learning methods that
use lexical, contextual, and other semantic features. Consis-
tent with embodiments of this disclosure, naturally spoken
user queries may be translated into a form similar to keyword
search queries. Features extracted from the query may be
statistically compared to those extracted from search engine
query click logs that capture the behavior of an abundance of
users who typed in the same and/or a similar search query.

Search query click log data (“click data”) comprises an
aggregation of past search engine users’ queries and the links
these users click from a list of sites returned by the search
engine. This click data may be used as implicit supervision to
improve future search decisions. The click data may be
mined, for example, to train domain detection statistical mod-
els when little or no in-domain data was available. Further-
more, the click data may help enrich existing training data
sets with new features, such as computing the click distribu-
tion over a set of related Uniform Resource Locators (URLs)
from search query click logs.

Since the form of natural language queries often differs
from shorter keyword search queries, the natural language
queries may be transformed into query-like sentences using a
syntax-based transformation and domain independent salient
phrases (DISPs) learned from multi-domain user utterances.
These DISPs may comprise introductory phrases such as
“how faris...,” “showme...,” “whatarethe...,” “find
a...,” etc. By analyzing queries across multiple domains, it
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is possible to identify such common salient phrases that iden-
tify an incoming query as a natural language query. Once
identified, these queries may be processed and/or pre-pro-
cessed differently than incoming keyword searches. For
example the domain-specific portions of the natural language
query may be mapped to a similar keyword query.

While these transformations help improve domain detec-
tion, the transformed queries may not necessarily be targeted
to match the style of keyword search queries. In some
embodiments consistent with this disclosure, statistical
machine translation (SMT) may operate to translate user
utterances to a search query form.

Training for the SMT models may use semantically similar
natural language utterances and query pairs that may be
mined by walking on a bi-partite query click graph. Search
query click logs can be represented as a bi-partite graph with
two types of nodes corresponding to queries and URLs.
Edges are added to the click graph mapping which URL(s) a
user clicks on after providing a particular query. The graph is
then searched for queries that include domain independent
salient phrases (DISP). These queries represent natural lan-
guage queries and form a seed set for mining pairs.

Some example natural language/keyword pairs, and their
corresponding DISP(s), that may be found in click data
shown in Table 1, below. As seen, there are cases where the
words or phrases in the input query are translated into other
words (e.g., “biggest US companies” is translated into “for-
tune 500 companies™). Once the NL queries are translated
into keyword queries, features for domain detection may be

extracted.

TABLE 1
Natural Language Query Keyword Query DISP(s)
What are the signs of throat Throat cancer symptoms What are the
cancer?
How many calories do Ineed  Calories per day How many
to eat in a day? I need
What are the biggest US Fortune 500 companies What are the
companies?
How do I know if I am Anemia How do I
anemic?
Find me the closest Italian Italian restaurant downtown Find me
restaurant

The query click graph identifies a set of keyword queries
that are most semantically similar to the natural language
(NL) queries. To minimize the computational cost of walking
the graph, the URL that has the maximum click probability
given the natural language query in question is used and a
similarity between the natural language query and a keyword
query corresponding to that URL is calculated. The pairs that
have the highest similarity form the basis for training SMT
models. In short, when the same URL has a high click-
through rate for a given NL query and a keyword query, and
the semantic similarity between the NI query and keyword
query (with or without the DISP included), the pair may be
considered a high value pair for training the SMT model. A
similar strategy may be used to map any two different types of
queries, such as mapping queries in different languages to
each other based on common URL click data.

Domain detection may be framed as a classification prob-
lem. Given a user’s query, the problem is to associate a subset
of domains with the query from amongst all possible
domains. To solve this classification problem, a class of
domains with a maximum conditional probability is selected.

Supervised classification methods may be used to estimate
these conditional probabilities, and a set of labeled queries
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may be used in training a statistical model. These labeled
queries may comprise, for example, explicitly human-anno-
tated query click log data and/or implicitly annotated data.
Classification may employ lexical features such as word n
-grams, contextual features such as a previous query’s
domain, semantic features such as named entities in the utter-
ance (e.g., specific locations or people), syntactic features
such as part-of-speech tags, topical features such as latent
semantic variables and so on.

The implicitly annotated data coming from click data may
be leveraged as additional features for training domain detec-
tion classification models. This is straight-forward in cases
where a given user utterance is found in the click data with
relatively high frequency, but the language used in natural
language queries in an SLU system is different from key-
word-based queries. For some domains, such as one where
the users are scheduling their own meetings, queries are
unlikely to occur in the click data. In this case, the absence of
a mapped query in the click data also provides information
about the category of an utterance.

Users typically generate different sequences of words
according to their intent and depending on whether they inter-
act with a web search engine, another human, or an intelligent
SLU system. When they wonder about the “capacity of a
Boeing 737,” they can form a simple keyword-based query
such as “capacity Boeing 737 when interacting with a search
engine. When they are interacting with an intelligent SLU
system, they may provide a more natural language query,
such as “what is the capacity of a Boeing 737 airplane.” A
syntactic parsing based sentence transformation method may
strip domain-independent words and convert this query to
“capacity 737, so that the domain classifier can perform
better on them.

Such transformed natural language queries are often
semantically similar to keyword-based search engine queries.
Hence, it is possible to use the URL click distributions for the
similar keyword-based query. For example, the natural lan-
guage query “I need to make a reservation for dinner” may be
transformed as “make reservation,” and that query may result
in clicks to webpages that offer the user the ability to create
restaurant reservations. The domain detection can exploit this
orthogonal information in addition to the input query. For
example, the translated query may be searched in the query
click data and the URL click distribution feature may be used
to help determine the domain of the input query.

FIG.1is a block diagram of an operating environment 100
that may provide natural language query translation. Operat-
ing environment 100 may comprise a user device 105 com-
prising an input device 110, such as a camera and/or micro-
phone. Input device 110 may be coupled to a spoken language
understanding module 115 comprising a domain detection
module 120, a query translation module 125, and a query
agent 130. User device 105 may further comprise a display
140. User device 110 may be operative to communicate with
other computing devices, such as transmitting queries from
query agent 130 to a search engine 150 via a network 160 and
receiving results from search engine 150 for output to display
140.

FIG. 2 is a block diagram of a trainer 200 for domain
detection module 120. Trainer 200 comprises a query pair
miner 210, a model trainer 220, a statistical machine transla-
tor (SMT) model 230, a feature extractor 240, and a query
click log database 250. Domain detection module 120 may
use a set of phrases that are typical of natural language queries
referred to as domain independent salient phrases (DISP).
Query pair miner 210 may mine semantically similar natural
language query and keyword-based search query pairs.
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Model trainer 220 may use these mined pairs to train SMT
model 230 to convert natural language queries to keyword-
based queries. Feature extractor 240 may analyze the query
pairs and associated uniform resource locators (URLs) from
query click logs database 250 for features useful in domain
detection.

Newly received queries, such as may be provided by a user
via input device 110, may be fed into SMT model 230 to be
translated into a keyword-based query, and the natural lan-
guage / keyword query pair may be checked against the click
data from query click log database 250. A set of features may
be computed from any click data corresponding to the query
pair. If the query pair is not seen in the query click logs, this
information is also provided to domain detection module 120,
as it may indicate that the input belongs to a domain where
there are no queries categorically related to information on
the web.

DISPs comprise words and/or phrases that are salient for
more than one domain. Available labeled training data from
other domains may be used to identify these DISPs. For each
n-gram in a data set, a probability distribution over all pos-
sible domains and the Kullback-Leibler (KL) divergence
between this distribution and the prior probabilities over all
domains may be computed. The word n-grams that show the
least divergence from the prior distribution may be selected as
the domain-independent salient phrases. Such phrases may
comprise, for example, “show me all the” or “I want infor-
mation on” that frequently appear in natural language utter-
ances directed to spoken dialog systems for information
access.

Model trainer 220 may use training data consisting of
millions of high precision pairs mined as described above.
When a natural language query has more than one corre-
sponding query based on a selected threshold, a most frequent
keyword-based query may be used. Training data may com-
prise search engine result data across all searches, and/or may
be targeted to specific domains of interest to a particular SLU
system. Minimum error rate training (MERT) processes may
be used to tune the probability weighting of the training data.

FIG. 3 is a flow chart setting forth the general stages
involved in a method 300 consistent with an embodiment of
the disclosure for providing natural language query transla-
tion. Method 300 may be implemented using a computing
device 400 as described in more detail below with respect to
FIG. 4. Ways to implement the stages of method 300 will be
described in greater detail below. Method 300 begins at start-
ing block 305 and proceeds to stage 310 where computing
device 400 may train a statistical machine translation model
according to a plurality of mined query pairs. For example, a
plurality of domain independent salient phrases (DISPs) may
be identified and used to identify a plurality of previous
natural language queries according to the plurality of DISPs
in a set of query click log data. Each of the identified natural
language queries may be associated with a keyword-based
query into a mined query pair of the plurality of mined query
pairs according to a uniform resource locator (URL) click
graph. Such a click graph may comprise a weighted distribu-
tion of URLs selected in response to previous natural lan-
guage queries and previous keyword-based queries. Common
features for each of the mined query pairs may also be
extracted to aid in domain detection.

Method 300 may then advance to stage 315 where com-
puting device 400 may receive a new query from a user. For
example, user device 105 may receive a query such as “what
are some good Italian restaurants nearby.”

Method 300 may then advance to stage 325 where com-
puting device 400 may map the query into a keyword-based
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query according to the trained statistical machine translation
(SMT) model. For example, SLU module 115 may detect
whether the query comprises a natural language query by
determining whether the received query comprises any
DISPs. Even when the received query is not a natural lan-
guage query, the SMT model may translate the received query
into a different format and/or word order to better correlate
with common, previously received queries. For the query
“what are some good Italian restaurants nearby,” for example,
SMT model 230 may identify a query pair associated with
locating restaurants that comprises similar extracted features
to the newly received query, such as an associated geographic
location.

After mapping the natural language query into a keyword-
based query at stage 325, or if the new query was determined
not to be in natural language form at stage 320, method 300
may advance to stage 330 where computing device 400 may
perform the search action. For example, the query may be
provided to search engine 150 for execution.

Method 300 may then advance to stage 335 where com-
puting device 400 may provide a plurality of results associ-
ated with the search to the user. For example, search engine
150 may return a plurality of URLs according to the search
query that may be output to display 140. The URL distribu-
tion associated with the mapped keyword-based query may
be used to order and/or re-order the results. Method 300 may
then end at stage 340.

An embodiment consistent with the invention may com-
prise a system for providing natural language query transla-
tion. The system may comprise a memory storage and a
processing unit coupled to the memory storage. The process-
ing unit may be operative to train a statistical model to detect
domains according to a plurality of query click log data. Upon
receiving a natural language query, the processing unit may
be operative to use the statistical model to translate the natural
language query into an action. The processing unit may then
be perform the action and provide at least one result associ-
ated with performing the action.

Another embodiment consistent with the invention may
comprise a system for providing natural language query
translation. The system may comprise a memory storage and
a processing unit coupled to the memory storage. The pro-
cessing unit may be operative to receive a query from a user,
determine whether the query comprises a natural language
query, and in response to determining that the query com-
prises the natural language query, map the natural language
query into a keyword-based query, perform a search accord-
ing to a query pair comprising the natural language query and
the keyword-based query, and provide a plurality of results
associated with the search to the user.

Yet another embodiment consistent with the invention may
comprise a system for providing natural language query
translation. The system may comprise a memory storage and
a processing unit coupled to the memory storage. The pro-
cessing unit may be operative to train a statistical machine
translation model according to a plurality of mined query
pairs, extract a plurality of common features for each of the
mined query pairs, receive a new query from a user, and
determine whether the new query comprises a new natural
language query. In response to determining that the query
comprises the natural language query, the processing unit
may be operative to map the new natural language query into
a keyword-based query according to the trained statistical
machine translation model. The processing unit may be fur-
ther operative to perform a search according to the new query
and provide a plurality of results associated with the search to
the user.
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FIG. 4 is a block diagram of a system including computing
device 400. Consistent with an embodiment of the invention,
the aforementioned memory storage and processing unit may
be implemented in a computing device, such as computing
device 400 of FIG. 4. Any suitable combination of hardware,
software, or firmware may be used to implement the memory
storage and processing unit. For example, the memory stor-
age and processing unit may be implemented with computing
device 400 or any of other computing devices 418, in combi-
nation with computing device 400. The aforementioned sys-
tem, device, and processors are examples and other systems,
devices, and processors may comprise the aforementioned
memory storage and processing unit, consistent with embodi-
ments of the invention. Furthermore, computing device 400
may comprise user device 100 as described above. Methods
described in this specification may operate in other environ-
ments and are not limited to computing device 400.

With reference to FIG. 4, a system consistent with an
embodiment of the disclosure may include a computing
device, such as computing device 400. In a basic configura-
tion, computing device 400 may include at least one process-
ing unit 402 and a system memory 404. Depending on the
configuration and type of computing device, system memory
404 may comprise, but is not limited to, volatile (e.g., random
access memory (RAM)), non-volatile (e.g., read-only
memory (ROM)), flash memory, or any combination. System
memory 404 may include operating system 405, one or more
programming modules 406, and may comprise, for example,
domain detection module 120. Operating system 405, for
example, may be suitable for controlling computing device
400’s operation. Furthermore, embodiments of the invention
may be practiced in conjunction with a graphics library, other
operating systems, or any other application program and is
not limited to any particular application or system. This basic
configuration is illustrated in FIG. 4 by those components
within a dashed line 408.

Computing device 400 may have additional features or
functionality. For example, computing device 400 may also
include additional data storage devices (removable and/or
non-removable) such as, for example, magnetic disks, optical
disks, or tape. Such additional storage is illustrated in FI1G. 4
by aremovable storage 409 and a non-removable storage 410.
Computing device 400 may also contain a communication
connection 416 that may allow device 400 to communicate
with other computing devices 418, such as over a network in
a distributed computing environment, for example, an intra-
net or the Internet. Communication connection 416 is one
example of communication media.

The term computer readable media as used herein may
include computer storage media. Computer storage media
may include volatile and nonvolatile, removable and non-
removable media implemented in any method or technology
for storage of information, such as computer readable instruc-
tions, data structures, program modules, or other data. System
memory 404, removable storage 409, and non-removable
storage 410 are all computer storage media examples (i.e.,
memory storage.) Computer storage media may include, but
is not limited to, RAM, ROM, electrically erasable read-only
memory (EEPROM), flash memory or other memory tech-
nology, CD-ROM, digital versatile disks (DVD) or other opti-
cal storage, magnetic cassettes, magnetic tape, magnetic disk
storage or other magnetic storage devices, or any other
medium which can be used to store information and which
can be accessed by computing device 400. Any such com-
puter storage media may be part of device 400. Computing
device 400 may also have input device(s) 412 such as a
keyboard, a mouse, a pen, a sound input device, a touch input
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device, etc. Output device(s) 414 such as a display, speakers,
a printer, etc. may also be included. The aforementioned
devices are examples and others may be used.

The term computer readable media as used herein may also
include communication media. Communication media may
be embodied by computer readable instructions, data struc-
tures, program modules, or other data in a modulated data
signal, such as a carrier wave or other transport mechanism,
and includes any information delivery media. The term
“modulated data signal” may describe a signal that has one or
more characteristics set or changed in such a manner as to
encode information in the signal. By way of example, and not
limitation, communication media may include wired media
such as a wired network or direct-wired connection, and
wireless media such as acoustic, radio frequency (RF), infra-
red, and other wireless media.

As stated above, a number of program modules and data
files may be stored in system memory 404, including operat-
ing system 405. While executing on processing unit 402,
programming modules 406 (e.g., translation API 120) may
perform processes and/or methods as described above. The
aforementioned process is an example, and processing unit
402 may perform other processes. Other programming mod-
ules that may be used in accordance with embodiments of the
present invention may include electronic mail and contacts
applications, word processing applications, spreadsheet
applications, database applications, slide presentation appli-
cations, drawing or computer-aided application programs,
etc.

FIGS. 5A and 5B illustrate a mobile computing device 500,
for example, a mobile telephone, a smart phone, a tablet
personal computer, a laptop computer, and the like, with
which embodiments of the disclosure may be practiced. With
reference to FIG. 5A, an exemplary mobile computing device
500 for implementing the embodiments is illustrated. In a
basic configuration, the mobile computing device 500 is a
handheld computer having both input elements and output
elements. The mobile computing device 500 typically
includes a display 505 and one or more input buttons 510 that
allow the user to enter information into the mobile computing
device 500. The display 505 of the mobile computing device
500 may also function as an input device (e.g., a touch screen
display). If included, an optional side input element 515
allows further user input. The side input element 515 may be
a rotary switch, a button, or any other type of manual input
element. In alternative embodiments, mobile computing
device 500 may incorporate more or less input elements. For
example, the display 505 may not be a touch screen in some
embodiments. In yet another alternative embodiment, the
mobile computing device 500 is a portable phone system,
such as a cellular phone. The mobile computing device 500
may also include an optional keypad 535. Optional keypad
535 may be a physical keypad or a “soft” keypad generated on
the touch screen display. In various embodiments, the output
elements include the display 505 for showing a graphical user
interface (GUI), a visual indicator 520 (e.g., a light emitting
diode), and/or an audio transducer 525 (e.g., a speaker). In
some embodiments, the mobile computing device 500 incor-
porates a vibration transducer for providing the user with
tactile feedback. In yet another embodiment, the mobile com-
puting device 500 incorporates input and/or output ports,
such as an audio input (e.g., a microphone jack), an audio
output (e.g., a headphone jack), and a video output (e.g., a
HDMI port) for sending signals to or receiving signals from
an external device.

FIG. 5B is a block diagram illustrating the architecture of
one embodiment of a mobile computing device. That is, the
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mobile computing device 500 can incorporate a system (i.e.,
an architecture) 502 to implement some embodiments. In one
embodiment, the system 502 is implemented as a “smart
phone” capable of running one or more applications (e.g.,
browser, e-mail, calendaring, contact managers, messaging
clients, games, and media clients/players). In some embodi-
ments, the system 502 is integrated as a computing device,
such as an integrated personal digital assistant (PDA) and
wireless phone.

One or more application programs 566 may be loaded into
the memory 562 and run on or in association with the oper-
ating system 564. Examples of the application programs
include phone dialer programs, e-mail programs, personal
information management (PIM) programs, word processing
programs, spreadsheet programs, Internet browser programs,
messaging programs, and so forth. The system 502 also
includes a non-volatile storage area 568 within the memory
562. The non-volatile storage area 568 may be used to store
persistent information that should not be lost if the system 502
is powered down. The application programs 566 may use and
store information in the non-volatile storage area 568, such as
e-mail or other messages used by an e-mail application, and
the like. A synchronization application (not shown) also
resides on the system 502 and is programmed to interact with
a corresponding synchronization application resident on a
host computer to keep the information stored in the non-
volatile storage area 568 synchronized with corresponding
information stored at the host computer. As should be appre-
ciated, other applications may be loaded into the memory 562
and run on the mobile computing device 500.

The system 502 has a power supply 570, which may be
implemented as one or more batteries. The power supply 570
might further include an external power source, such as an AC
adapter or a powered docking cradle that supplements or
recharges the batteries. The system 502 may also include a
radio 572 that performs the function of transmitting and
receiving radio frequency communications. The radio 572
facilitates wireless connectivity between the system 502 and
the “outside world”, via a communications carrier or service
provider. Transmissions to and from the radio 572 are con-
ducted under control of the operating system 564. In other
words, communications received by the radio 572 may be
disseminated to the application programs 566 via the operat-
ing system 564, and vice versa.

The radio 572 allows the system 502 to communicate with
other computing devices, such as over a network. The radio
572 is one example of communication media. Communica-
tion media may typically be embodied by computer readable
instructions, data structures, program modules, or other data
in a modulated data signal, such as a carrier wave or other
transport mechanism, and includes any information delivery
media. The term “modulated data signal” means a signal that
has one or more of its characteristics set or changed in such a
manner as to encode information in the signal. By way of
example, and not limitation, communication media includes
wired media such as a wired network or direct-wired connec-
tion, and wireless media such as acoustic, RF, infrared and
other wireless media. The term computer readable media as
used herein includes both storage media and communication
media.

This embodiment of the system 502 provides notifications
using the visual indicator 520 that can be used to provide
visual notifications and/or an audio interface 574 producing
audible notifications via the audio transducer 525. In the
illustrated embodiment, the visual indicator 520 is a light
emitting diode (LED) and the audio transducer 525 is a
speaker. These devices may be directly coupled to the power
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supply 570 so that when activated, they remain on for a
duration dictated by the notification mechanism even though
the processor 560 and other components might shut down for
conserving battery power. The LED may be programmed to
remain on indefinitely until the user takes action to indicate
the powered-on status of the device. The audio interface 574
is used to provide audible signals to and receive audible
signals from the user. For example, in addition to being
coupled to the audio transducer 525, the audio interface 574
may also be coupled to a microphone to receive audible input,
such as to facilitate a telephone conversation. In accordance
with embodiments of the present invention, the microphone
may also serve as an audio sensor to facilitate control of
notifications, as will be described below. The system 502 may
further include a video interface 576 that enables an operation
of an on-board camera 530 to record still images, video
stream, and the like.

A mobile computing device 500 implementing the system
502 may have additional features or functionality. For
example, the mobile computing device 500 may also include
additional data storage devices (removable and/or non-re-
movable) such as, magnetic disks, optical disks, or tape. Such
additional storage is illustrated in FIG. 5B by the non -volatile
storage area 568. Computer storage media may include vola-
tile and nonvolatile, removable and non-removable media
implemented in any method or technology for storage of
information, such as computer readable instructions, data
structures, program modules, or other data.

Data/information generated or captured by the mobile
computing device 500 and stored via the system 502 may be
stored locally on the mobile computing device 500, as
described above, or the data may be stored on any number of
storage media that may be accessed by the device via theradio
572 or via a wired connection between the mobile computing
device 500 and a separate computing device associated with
the mobile computing device 500, for example, a server com-
puter in a distributed computing network, such as the Internet.
As should be appreciated such data/information may be
accessed via the mobile computing device 500 via the radio
572 or via a distributed computing network. Similarly, such
data/information may be readily transferred between comput-
ing devices for storage and use according to well-known
data/information transfer and storage means, including elec-
tronic mail and collaborative data/information sharing sys-
tems.

FIG. 6 illustrates one embodiment of the architecture of a
system for providing applications to one or more client
devices, as described above. Content developed, interacted
with or edited in association with such applications may be
stored in different communication channels or other storage
types. For example, various documents may be stored using a
directory service 622, a web portal 624, a mailbox service
626, an instant messaging store 628, or a social networking
site 630. An email client application, for example, may use
any of these types of systems or the like for enabling co-
authoring conflict resolution via comments, as described
herein. A server 620 may provide applications to the clients.
As one example, the server 620 may be a web server provid-
ing an email client application over the web. The server 620
may provide the email client application over the web to
clients through a network 615. By way of example, the client
computing device 618 may be implemented as computing
device 400 and embodied in a personal computer 618a, a
tablet computing device 6185 and/or a mobile computing
device 618¢ (e.g., a smart phone). Any of these embodiments
of the client computing device 618 may obtain content from
the store 616. In various embodiments, the types of networks
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used for communication between the computing devices that
make up the present invention include, but are not limited to,
aninternet, an intranet, wide area networks (WAN), local area
networks (LLAN), and virtual private networks (VPN). In the
present application, the networks include the enterprise net-
work and the network through which the client computing
device accesses the enterprise network (i.e., the client net-
work). In one embodiment, the client network is part of the
enterprise network. In another embodiment, the client net-
work is a separate network accessing the enterprise network
through externally available entry points, such as a gateway, a
remote access protocol, or a public or private internet address.

Generally, consistent with embodiments of the invention,
program modules may include routines, programs, compo-
nents, data structures, and other types of structures that may
perform particular tasks or that may implement particular
abstract data types. Moreover, embodiments of the invention
may be practiced with other computer system configurations,
including hand-held devices, multiprocessor systems, micro-
processor-based or programmable consumer electronics,
minicomputers, mainframe computers, and the like. Embodi-
ments of the invention may also be practiced in distributed
computing environments where tasks are performed by
remote processing devices that are linked through a commu-
nications network. In a distributed computing environment,
program modules may be located in both local and remote
memory storage devices.

Furthermore, embodiments of the invention may be prac-
ticed in an electrical circuit comprising discrete electronic
elements, packaged or integrated electronic chips containing
logic gates, a circuit utilizing a microprocessor, or on a single
chip containing electronic elements or microprocessors.
Embodiments of the invention may also be practiced using
other technologies capable of performing logical operations
such as, for example, AND, OR, and NOT, including but not
limited to mechanical, optical, fluidic, and quantum technolo-
gies. In addition, embodiments of the invention may be prac-
ticed within a general purpose computer or in any other cir-
cuits or systems.

Embodiments of the invention, for example, may be imple-
mented as a computer process (method), a computing system,
or as an article of manufacture, such as a computer program
product or computer readable media. The computer program
product may be a computer storage media readable by a
computer system and encoding a computer program of
instructions for executing a computer process. The computer
program product may also be a propagated signal on a carrier
readable by a computing system and encoding a computer
program of instructions for executing a computer process.
Accordingly, the present invention may be embodied in hard-
ware and/or in software (including firmware, resident soft-
ware, micro-code, etc.). In other words, embodiments of the
present invention may take the form of a computer program
product on a computer-usable or computer-readable storage
medium having computer-usable or computer-readable pro-
gram code embodied in the medium for use by or in connec-
tion with an instruction execution system. A computer-usable
or computer-readable medium may be any medium that can
contain, store, communicate, propagate, or transport the pro-
gram for use by or in connection with the instruction execu-
tion system, apparatus, or device.

The computer-usable or computer-readable medium may
be, for example but not limited to, an electronic, magnetic,
optical, electromagnetic, infrared, or semiconductor system,
apparatus, device, or propagation medium. More specific
computer-readable medium examples (a non-exhaustive list),
the computer-readable medium may include the following: an
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electrical connection having one or more wires, a portable
computer diskette, a random access memory (RAM), a read-
only memory (ROM), an erasable programmable read-only
memory (EPROM or Flash memory), an optical fiber, and a
portable compact disc read-only memory (CD-ROM). Note
that the computer-usable or computer-readable medium
could even be paper or another suitable medium upon which
the program is printed, as the program can be electronically
captured, via, for instance, optical scanning of the paper or
other medium, then compiled, interpreted, or otherwise pro-
cessed in a suitable manner, if necessary, and then stored in a
computer memory.

Embodiments of the invention may be practiced via a sys-
tem-on-a-chip (SOC) where each or many of the components
illustrated in FIG. 4 may be integrated onto a single integrated
circuit. Such an SOC device may include one or more pro-
cessing units, graphics units, communications units, system
virtualization units and various application functionalities, all
of which may be integrated (or “burned”) onto the chip sub-
strate as a single integrated circuit. When operating via an
SOC, the functionality, described herein, may operate via
application-specific logic integrated with other components
of the computing device/system X on the single integrated
circuit (chip).

Embodiments of the present invention, for example, are
described above with reference to block diagrams and/or
operational illustrations of methods, systems, and computer
program products according to embodiments of the inven-
tion. The functions/acts noted in the blocks may occur out of
the order as shown in any flowchart. For example, two blocks
shown in succession may in fact be executed substantially
concurrently or the blocks may sometimes be executed in the
reverse order, depending upon the functionality/acts
involved.

While certain embodiments of the invention have been
described, other embodiments may exist. Furthermore,
although embodiments of the present invention have been
described as being associated with data stored in memory and
other storage mediums, data can also be stored on or read
from other types of computer-readable media, such as sec-
ondary storage devices, like hard disks, floppy disks, or a
CD-ROM, a carrier wave from the Internet, or other forms of
RAM or ROM. Further, the disclosed methods’ stages may be
modified in any manner, including by reordering stages and/
or inserting or deleting stages, without departing from the
invention.

All rights including copyrights in the code included herein
are vested in and the property of the Applicants. The Appli-
cants retain and reserve all rights in the code included herein,
and grant permission to reproduce the material only in con-
nection with reproduction of the granted patent and for no
other purpose.

While certain embodiments of the invention have been
described, other embodiments may exist. While the specifi-
cation includes examples, the invention’s scope is indicated
by the following claims. Furthermore, while the specification
has been described in language specific to structural features
and/or methodological acts, the claims are not limited to the
features or acts described above. Rather, the specific features
and acts described above are disclosed as example for
embodiments of the invention.

We claim:
1. A method for providing natural language query transla-
tion, the method comprising:
training a statistical model according to a plurality of query
click log data, the plurality of click log data being mined
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to train the statistical model for domain detection in the
absence of available in-domain data;

receiving a natural language query;

translating the natural language query into a search query

according to the statistical model;

performing the search query; and

providing at least one result associated with performing the

search query.

2. The method of claim 1, wherein the natural language
query is received as text.

3. The method of claim 1, wherein the natural language
query is received as speech.

4. The method of claim 1, wherein training the statistical
model comprises identifying a plurality of domain indepen-
dent salient phrases.

5. The method of claim 4, wherein each of the plurality of
domain independent salient phrases comprises at least one
word indicating that an associated search query comprises a
natural language search query.

6. The method of claim 4, wherein training the plurality of
query click log data is associated with a plurality of search
engine results.

7. The method of claim 6, further comprising identifying a
plurality of search queries associated with the plurality of
query click log data that comprise natural language search
queries according to the plurality of domain independent
salient phrases.

8. The method of claim 7, further comprising generating a
query pair by correlating at least one of the plurality of natural
language search queries to at least one keyword-based search
query.

9. The method of claim 8, wherein the correlation between
the at least one of the plurality of natural language search
queries and the at least one keyword-based search query is
associated with a Uniform Resource Locator (URL) distribu-
tion.

10. The method of claim 9, wherein performing the search
query comprises:

searching the plurality of query click log data for a query

pair corresponding to the search query; and

identifying a domain associated with the search query

according to the URL distribution.

11. A system for providing natural language query trans-
lation, the system comprising:

a memory storage; and

a processing unit coupled to the memory storage, wherein

the processing unit is operable to:
receive a query from a user,
determine whether the query comprises a natural lan-
guage query, and
in response to determining that the query comprises the
natural language query:
map the natural language query into a keyword-based
query, wherein being operative to map the natural
language query into the key-board based query
comprises being operative to detect a domain asso-
ciated with the natural language query utilizing
mined click data in the absence of available in-
domain data;
perform a search according to a query pair comprising
the natural language query and the keyword-based
query; and
provide a plurality of results associated with the
search to the user.

12. The system of claim 11, wherein being operative to map
the natural language query into the keyword-based query
comprises being operative to:
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detect a domain associated with the natural language

query; and

strip at least one domain-independent word from the natu-

ral language query.

13. The system of claim 12, wherein being operative to
detect the domain associated with the natural language query
comprises being operative to:

identify a subset of a plurality of possible domains accord-

ing to at least one feature of the natural language query.

14. The system of claim 13, wherein the at least one feature
of the natural language query comprises at least one of the
following: a lexical feature, a contextual feature, a semantic
feature, a syntactic feature, and a topical feature.

15. The system of claim 13, wherein being operative to map
the natural language query into the keyword-based query
comprises being further operative to:

convert the natural language query into the keyword-based

query according to a trained statistical machine transla-
tion model.

16. The system of claim 15, wherein the statistical machine
translation model is trained according to a plurality of mined
query pairs each comprising a previous natural language
query and an associated previous keyword-based query.

17. The system of claim 16, wherein the previous natural
language query is identified according to a domain indepen-
dent salient phrase.

18. The system of claim 16, wherein the previous natural
language query and the previous keyword-based query are
associated according to a weighted Uniform Resource Loca-
tor (URL) click graph.

19. A computer-readable medium which stores a set of
instructions which when executed performs a method for
providing natural language query translation, the method
executed by the set of instructions comprising:

training a statistical machine translation model according

to a plurality of mined query pairs, wherein training the

statistical machine translation model comprises:

identifying a plurality of domain independent salient
phrases (DISPs),

identifying a plurality of previous natural language que-
ries according to the plurality of DISPs,

associating each of the plurality of previous natural lan-
guage queries with a previous keyword-based query
into a mined query pair ofthe plurality of mined query
pairs according to a uniform resource locator (URL)
click graph, wherein the URL click graph comprises a
weighted distribution of URLSs selected in response to
the a previous natural language queries and previous
keyword-based queries, the URL click graph com-
prising a bi-partite query quick graph having nodes
corresponding to the natural language queries and the
URLSs; and

extracting a plurality of common features for each of the
mined query pairs;

receiving a new query from a user,

determining whether the new query comprises a new natu-

ral language query,

in response to determining that the query comprises the

natural language query, mapping the new natural lan-
guage query into a keyword-based query according to
the trained statistical machine translation model;
performing a search according to the new query; and
providing a plurality of results associated with the search to
the user.



